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Parameters Value
Optimizer Adam
Learning rate 0.001
By, By 0.1, 0.99
Hidden layer format 512<1024<256 <64
The number of users 18
Activation function sigmoid <4, linear
Batch size 200
Local model epoch 20
Global model round 50

The number of train data 19937

The number of test data 1111
Loss function MAE(mean absolute error)
Drop out rate 0.2
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