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Iterations: 10
(distortion: 2.03 x 1072)

Legitimate receiver
[0.07(64APSK) 0.88(128APS5K)]

Iterations: 300
(distortion: 2.53 x 107%)

Legitimate receiver
[0.02(32QAM) 0.98(QPSK)]
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Eavesdropper

Eavesdropper
[0.05(64APSK) 0.92(128APSK)]

[0.07(16PSK) 0.9(BPSK})]
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