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PEFT Methods for Domain Adaptation
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ABSTRACT

This study analyzed that the biggest obstacle in deploying Large Language Models (LLMs) in industrial settings is incorporating domain
specificity into the models. To mitigate this issue, the study compared model performance when domain knowledge was additionally
trained using MoRA, which enables learning more knowledge information, and LoRA, which is the most common among various PEFT
methods. Along with this, training time was reduced through securing high-quality data and efficient data loading. The findings of this
research will provide practical guidelines for developing efficient domain-specific language models with limited computing resources.
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