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ABSTRACT

This paper proposes a frequency-aware adaptive
filtering method for image demoiréing. The method
uses a multi-scale architecture that dynamically ad-
justs filter weights according to the frequency char-
acteristics of the input image. The backbone network
predicts filter weights, and the encoder-decoder pipe-
line restores clean images. Experimental results show
that the proposed method outperforms existing

approaches.
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Fig. 1. Proposed method. (a) Overall framework, (b) architecture of encoder, and (c) architecture of adaptive filter.
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Table 1. Quantitative comparison of demoiréing performances using PSNR and SSIM.
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Fig. 2. Qualitative comparisons of demoiréing results on the UHDM dataset. The magnified areas within the red rectangles

are shown for details.
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