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ABSTRACT

In this letter, we propose a spiking neural
network (SNN)-based backoff scheme to enhance the
performance of slotted-ALOHA  systems, which
operates  with  relatively low  power  and
implementation complexity. In our scheme, an SNN
model takes real-time input of observation data, such
as transmission success and failure, from the system
operating with binary exponential backoff (BEB), and
returns the optimal contention window size. Through
simulations, we show that our proposed scheme
achieves higher performance compared to the
traditional BEB, approaching the performance of the

optimal backoff scheme numerically optimized.
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an] 5o Aoz sl AHH ARElEY(
Internet of Things, IoT) 717152] WY YAl 30
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Fig. 1. Conventional artificial spiking neuron
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