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Abstract 
Lines and textures are natural properties of the surface of natural objects, and their images can be sparsely 
represented in suitable frames such as wavelets, curvelets and wave atoms. Based on characteristics that the 
curvelets framework is good at expressing the line feature and wavesat is good at representing texture features, 
we propose a model for the weighted sparsity constraints of the two frames. Furtherly, a multi-step iterative 
fast algorithm for solving the model is also proposed based on the split Bergman method. By introducing 
auxiliary variables and the Bergman distance, the original problem is transformed into an iterative solution of 
two simple sub-problems, which greatly reduces the computational complexity. Experiments using standard 
images show that the split-based Bergman iterative algorithm in hybrid domain defeats the traditional Wavelets 
framework or curvelets framework both in terms of timeliness and recovery accuracy, which demonstrates the 
validity of the model and algorithm in this paper. 
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1. Introduction 

Image compressive sensing (CS) is a major breakthrough in the image processing field in recent years. 

It is an imaging theory based on sparse representation and optimization theory proposed by Donoho [1] 

One of the main applications of compressive sensing is compressive imaging [2]. Its core idea is to 

incorporate the sparse prior of image into the image imaging process and to utilize proper optimization 

of reconstructed image from the random projection far below the Nyquist sampling rate. Thus, it can 

decrease the cost and complexity of the image acquisition system, and can reduce the image storage space 

and transmission costs. Image sparse representation is a key issue in the image compression system, and 

only the appropriate one can guarantee the quality of the image reconstruction. The sparser the image 

represents, the smaller the number of random projections is to be measured and the faster the 

reconstruction is.  

Wavelet transform does not represent the optimal basis of the image, but it shows some limitations 

when dealing with two-dimensional images. In recent years, people have proposed a series of multi-scale 

geometric analysis (MGA) [3]. At present, there are two major categories of MGA: MGA that is adaptive 
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to image content, and MGA that is not related to image content. For instance, wedgelet, directionlet, 

bandlet and grouplet [4-9], all belong to adaptive MGA. Their basic functions can change with the content 

of the image and are suitable for image compression. The others mainly include ridgelet, curvelet, 

contourlet, shearlet, and so on. 

The most important step in CS is nonlinear restoration of the code. Among all the algorithms, iterative 

shrinkage algorithms are commonly used. Its main advantages include: (1) with robustness and easy to 

implement, and (2) easily incorporate the current MGA into its framework (IST framework). Therefore, 

the iterative shrinkage algorithms are the main solutions to the nonlinear inverse problems. 

In this paper, we combine the curvelet framework and the Wave atoms framework model to establish 

a weighted sparsity constraint model for the two frameworks. Then based on the split Bergman iteration 

method [10], we propose a multistep fast iterative algorithm to solve the model. By introducing 

intermediate variables and Bergman distance, the original problem is transformed into an iterative 

solution of two simple sub-problems, which greatly reduces the computational complexity. The main 

algorithm steps are as follows: 

1) First, input the image A; 
2) Establish a sparse model based on the mixture of curvelets and wave atoms; 
3) Transform the image into a mixed sparse domain and obtain a sparse representation coefficient; 
4) Observe the sparse representation coefficients by pseudo-random Fourier matrix to get the 

observations; 
5) Recover the image from the observed coefficients by split Bregman iteration; 
6) Output reconstructed image; 

The block diagram of the main algorithm is shown in Fig. 1. 

 

 
Fig. 1.  The block diagram of the main algorithm. 

 

 

2. Curvelets and Wave Atoms Transform 

2.1 Curvelets Transform 

Compared to wavelet transform, curvelets transform is mainly determined by three parameters: scale

, ; Rotation angle with equal spacing , ; and position

, , where is the rotation matrix of angle . Thus, curvelets 

function is defined as: 
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Among them, is the smooth function of the wedge tight form in the Fourier domain. The smooth 

objective function is represented as: 

 

                                                              (2) 
 

 represents the inner product of , which is called the curvelets coefficient of the function f, 

whose spatial domain is shown in Fig. 2(a). 

 

  

(a) (b)

Fig. 2.  (a) Curvelets and (b) atoms transform in the space domain. 

 

2.2 Wave Atoms Transform 

Demanet and Ying [11] proposed wave atomic transform in 2007, which can be regarded as a variant 

of two-dimensional wavelet packet transform. Its vibration period and supporting length are consistent 

with similar parabolic scaling relations. Compared with wavelet, Gabor atom and curvelets, the wave 

atom has an optimal sparse representation for oscillatory function (which can be considered as a simple 

texture model), and its spatial domain representation is shown in Fig. 2(b). 

According to the literature [11], firstly, for the one-dimensional wavelet packet function ,

. As a result, the center frequency position of the function is , and 

, and are greater than zero. The center of airspace of  is . 

The scale index is introduced and the basic function can be defined as: 
 

                                                   (3) 
 

The resulted basis function  is essentially different from a wavelet packet because it has 

uniformly bounded localization properties in the spatial and frequency domains, which play a major role 

in the nature and structure of the wave atoms. 

Two-dimensional wave packet function is expressed in the form of tensor products, as: 
 

                                              (4) 

                                              (5) 
 

where H is the Hilbert transform,  corresponds to a point in the phase 

space, and , . 
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 and  are the canonical orthogonal basis for a pair of wave atomic orthonormal basis, 

Then its combination is: and , which constitutes a wave-like atomic tight 

frame (WATF) with a redundancy of two. 

 

3. The Algorithm of This Paper 

3.1 The Establishment of Sparse Framework in Hybrid Domain 

3.1.1 The establishment and expansion of the basic framework 

Compressed sensing of incomplete measurements: 
 

                                       (6) 
 

Among them,  is the measurement matrix of CS. As the matrix rows of  is much 

less than the columns, it will lead to serious ill-posed problems. Therefore, the observation of signal 

( ), namely , is a linear under determined system. 

Assuming that the signal can be expressed in sparse representation in a deterministic framework, 

there is a transformation matrix (M=N as the base, M>N as the framework). As a result,  

includes only a small part of important information. In addition, if the measurement matrix  is not 

correlated with the transform matrix , it is generally assumed that  satisfies the restricted isometric 

property (RIP), and can be reconstructed with the incomplete measurement with high precision. 

The commonly used measurement matrix Y includes sparse binary random matrix, random non-

sampling Fourier matrix, Toeplitz matrix and pseudo-orthogonal measurement matrix. Pseudo-

orthogonal measurement matrices have been shown to converge faster in non-linear decoding schemes, 

where  satisfies , and where represents a unit matrix of size .  

Signal applies to transform and introduces the CS problem into the coefficient domain: 
 

                            (7) 

 

Among them , , represents a positive transform (such as curvelet, contourlet, wave 

atoms), and  represents its inverse transform. 

Sparse lifting basis tracking de-noising method is a classic method to solve convex optimization 

problem in CS: 
 

 

                       (8) 

 

The positive parameter is the estimated noise level. However, unconstrained issues can be expressed 

as: 
 

                    (9) 

 

Through quadratic programming, it can be seen that: 
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The three problems 、 、  are closely related, when , ,  are appropriately verified. 

Known as decomposition models [12], these models are used to determine the value of with the 

smallest  within the framework. 

Introduce the above problem into the coefficient field. Use the frame factor to replace ,  and 

. Then, it can be seen that:  
 

                       (11) 

 

This is a synthetic model [12] and it can be used to solve the minimum coefficient of  directly.  

In general, the selection of the applied model is determined by actual application situation. If  is 

orthogonal transformation, then the two models are equivalent, and this article will focus on the 

decomposition-based model approach. 

 

3.1.2 The establishment of a hybrid framework model of compressed sensing 

The image is usually composed of smooth structure and texture in different components. Therefore, 

the local part of the image can be expressed with a high degree of sparsity through a suitable 

transformation (such as wavelet transform). In recent years, due to the continuous research and multi-

scale analysis, many effective methods for representing binary data have emerged. Among them, 

curvelets, contourlets and wave-element method are non-adaptive function frames and have strong 

anisotropy and direction selectivity. They show different smoothness and texture performances, and the 

prior knowledge of signal is required to select transform frame. In this paper, two kinds of frameworks 

are used to construct the hybrid framework model by using the weighted sparsity constraints. 

First, we assume that there are two different matrices  and that conform to the orthonormal basis 

or the Parseval framework, then: , , where , . 

Where represents a unit matrix of size N and is a transpose of . There are two main models 

in the coefficient domain: denoising model and recombination model. When the measurement contains 

apparent noise (denoising model), then it is considered as a generalized optimization problem: 
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                                        (13) 

 
 and are diagonal matrix, respectively. If, for a wavelet transform, the norm corresponding to 

the scale wavelet coefficient  is equivalent to the Besov norm of the signal , then there is no exact 

equivalent description for other frameworks (curvelets or wave atoms). 

The corresponding constraint problem is equivalent to formula (12): 
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where , . 

Assuming that the noise included in the measurement can be ignored (reorganization model), then the 

optimization problem can be considered as: 
 

                                        (15) 

 

where is the same as above, the corresponding constraint problem in the coefficient domain is:  
 

                                         (16) 

 

where , , , . 

It can be seen that in this research section the two model problems are shown in formula (14) and (16), 

when the hybrid framework is obtained by respectively denoising model and recombination model. As 

the signal acquisition with inevitable noise interference, this paper in later experiment will focus on the 

denoising model based on the actual need. 

 

3.2 Interactive Split Bergman Method to Restore the Image 

3.2.1 Split Bergman iteration method 

The Bergman iterative method is mainly aimed to solve the following constraint optimization problem: 

 
                                                                               (17) 

 
where  and  are convex functions and  is differentiable, Bergman distance is 

defined as: 
 

                                  (18) 

 

Here,  represents the gradient. As  is a convex function, then , and  

represents the H-space inner product. 

Literature [13] first proposed an interactive split Bergman iteration algorithm. The goal of splitting the 

Bergman method is to extend the range of the Bergman iteration and linearized Bergman iterations [12], 

so that problems with broader range can be effectively solved. The basic idea is to introduce an auxiliary 

variable to replace the more difficult parts of the original function, such as inseparable items, non-smooth 

items, nonlinear terms, and so on. This will help to simplify the solution of the problem and to add 

equality constraints between auxiliary variables and replacement parts to ensure that the new problem is 

equivalent to the original problem so that the new problem can be solved by the Bergman iteration.  

 

3.2.2 Split Bergman iteration restoration algorithm for denoising model 
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where, 

                            (20) 

 

And  is an increasing sequence. Compared with this method, the method that Goldstein 

and Osher [10] apply the Bergman distance to solve the non-constrained problem, is quoted in this paper 

and we can get: 

                              

        (21) 

 

where, is a sub-gradient of  at , that can be iterated as: 

  

     (22) 

 

Among them,  is used as a fixed parameter, and generates necessary conditions:  

                                            

     (23) 

 

Then calculate the differential, and get the recursion by : 
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In accordance with the simplified theory in literature [8], the split Bergman iteration can be obtained 

from formula (23) to (24): 
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The above formula can choose any initial vector , and . 

In order to solve the minimization problem of formula (25), the following scheme is finally obtained 

by applying the interactive split Bergman algorithm:  
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                                    (26) 

 
Therefore, the interactive spilt Bergman algorithm of hybrid framework can be summarized as: 

 

The algorithm to solve formula (14) 

Input: . 
While does not meet the stop criteria 

1)  

2) ；  

3) ；    

End 

 

The above algorithm is significantly simpler than the algorithm in literature [10] (image recovery), so 

it is not necessary to solve the linear system equations in step 1), but only need to calculate x directly, 

and the step 2) and 3) are performed in the coefficient domain. In vector form, it can be simply contracted 

as: 
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Step 2) includes the framework contraction process (curvelets and wavestric contraction), and the 

contraction framework of curvelets and wave atoms are as follows: 
 

                                       (29) 

 

                                     (30) 

 

where, and are defined in formula (27) and (28). 

 

 

4. Numerical Experiments 

4.1 Sample Matrix 

According to the algorithm steps given in the second section, a specific test system can be designed by 

MATLAB. In this paper, CS imaging is performed through a 30% sampled pseudo-random Fourier 

matrix, which is a polynomial variable density random sampling. It follows the probability density 

function of intensively sampling in low-frequency components and sparsely sampling in high-frequency 

components function. Therefore, it is suitable for sampling multi-scale domain. 

Fig. 3(a) shows the Fourier domain sampling pattern for a 30% measurement, where white dots indicate 

sample points. Fig. 3(b) represents its two-dimensional probability density function. 

 

 
(a) (b) 

Fig. 3. Pseudo-random Fourier domain undersampling (CS sampling matrix): (a) sampling model in 
Fourier domain and (b) two-dimensional probability density function. 
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In this paper, the Lena image with 256×256 standard is used to test the performance of the proposed 

curvelets-wave atoms split Bregman method. The comparison methods are the iterative wavelets 

threshold method and the iterative curvelets threshold method [14]. The parameters are set as follows: 

set up the discrete curvelets frame as the first frame, and set up the Wave atoms as the second frame. In 

the proposed reconstruction model, the initial value of the regularization parameter 

with increasing trial selection is , where is the total iteration number, and  

represents  the current number of iterations. In addition, the decreasing threshold  is used for 
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both the curvelets threshold and the Wave atoms threshold. In the absence of a priori information for 

image restoration, the matrix and the weighted unit matrix . In the experiment, 

Wavelets chose DB6 wavelet and the decomposition level is 4 layers. All threshold iteration methods use 

soft threshold function. 

As shown in Fig. 4, Fig. 4(a) is the original Lena image; Fig. 4(b) is the direct null-filled restored image 

; and Fig. 4(c) and 4(d) show the image recovered by iterative wavelets threshold method and 

the comparison between the error image and the original image; Fig. 4(e) and 4(f) show the image 

recovered by the iterative curvelets threshold method and the comparison between the error image and 

the original image; Fig. 4(g) and 4(h) show the image recovered by the algorithm to recover the image 

and the comparison between the error image and the original image. It can be seen that the image 

processed by algorithm has the highest signal-to-noise ratio (SNR) with the least error and strong 

robustness to noise. 

 

  
(a) (b) (c) (d) 

  
(e) (f) (g) (h) 

Fig. 4. Various imaging methods and the corresponding error contrasting images: (a) original image, (b) 
direct image restoration (SNR=32.98 dB); (c, d) the results (SNR=41.21 dB) and errors of iterative 
wavelet threshold image restoration; (e, f) the results (SNR=40.88 dB) and errors of iterative curvelets 
threshold image restoration; and (g, h) the results (SNR=45.06 dB) and errors of image restoration in this 
paper. 

 

 
Fig. 5. Comparison of various performance curves (SNR and the times of iterations between the relation 
curves). The blue solid line is the method in this paper, red dot dash line is the iterative curvelets threshold 
method, and the blue dotted line is the wavelets threshold method. 
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Fig. 5 shows the change of SNR with the increase of iteration times. It can be seen that the convergence 

speed of the image processed by this method is obviously faster than that of the other two methods (the 

blue solid line is the method in this paper and it can be seen from the slope change that it converges 

faster), and its SNR is significantly higher after combining the advantages of curvelets and wave atoms, 

two multi-scale analysis methods. Pseudo-Platonic curve [15], the vertical axis is the residual information

, the abscissa is the norm (the blue band solid line is the method in this paper. The red 

dot dash line is the iterative curvelets threshold method, the the blue dotted line is the wavelets threshold 

method, and each shape icon is an iteration). It can be seen that the curvelets-wave atoms splitting 

Bregman proposed in this paper is more effective than the iterative wavelets threshold and the iterative 

curvelets threshold both in SNR and convergence speed. 
 

 

5. Conclusion 

In this paper, an improved fusion method of region segmentation is proposed to analyze the 

characteristics of multi-focus images. Firstly, the improved static wavelet is introduced to obtain the 

initial fusion image quickly. After normalized cut segmentation of the original fusion image, the sum of 

the absolute values of the NSCT transform coefficients is selected as the fusion rule. The experiment 

results show that the image processed by this method will not loose the definition and this method can 

help to avoid the selection of complex fusion rules. It is a valid method. 
 

 

Acknowledgement 

This paper is supported by The National Natural Science Fund of China (No. 31501229), project of 

science and technology research program of Chongqing Education Commission of China (No. 

KJ1500635, KJQN201900821), Chongqing Nature Science Foundation for Fundamental science and 

frontier technologies (No. cstc2018jcyjAX0483 and cstc2015jcyjA60001), Open Fund for Key Laboratory 

of Manufacturing Equipment Mechanism Design and Control of Chongqing (No. KFJJ2019076), and 

Initial Scientific Research Fund of Young Teachers in Chongqing Technology and Business University 

(No. 2013-56-06). 
 

 

References 

[1] D. L. Donoho, “Compressed sensing,” IEEE Transactions on Information Theory, vol. 52, no. 4, pp. 1289-

1306, 2006. 

[2] M. F. Duarte, M. A. Davenport, D. Takhar, J. N. Laska, T. Sun, K. F. Kelly, and R. G. Baraniuk, “Single-pixel 

imaging via compressive sampling,” IEEE Signal Processing Magazine, vol. 25, no. 2, pp. 83-91, 2008. 

[3] H. Rauhut, K. Schnass, and P. Vandergheynst, “Compressed sensing and redundant dictionaries,” IEEE 

Transactions on Information Theory, vol. 54, no. 5, pp. 2210-2219, 2008. 

[4] Q. S. Lian and S. Z. Chen, “Sparse image representation using the analytic contourlet transform and its 

application on compressed sensing,” Acta Electronica Sinica, vol. 38, no. 6, pp. 1293-1298, 2010. 

2

2kuf 
1

ku



Kaiqun Hu and Xin Feng 

 

J Inf Process Syst, Vol.16, No.1, pp.30~41, February 2020 | 41 

[5] V. Kiani, A. Harati, and A. V. Mazloum, “Iterative wedgelet transform: an efficient algorithm for computing 

wedgelet representation and approximation of images,” Journal of Visual Communication and Image 

Representation, vol. 34, pp. 65-77, 2016. 

[6] J. Liu, Y. Wang, K. Su, and W. He, “Image denoising with multidirectional shrinkage in directionlet 

domain,” Signal Processing, vol. 125, pp. 64-78, 2016. 

[7] Y. Lu, Q. Gao, D. Sun, Y. Xia, and D. Zhang, “SAR speckle reduction using Laplace mixture model and 

spatial mutual information in the directionlet domain,” Neurocomputing, vol. 173, pp. 633-644, 2016. 

[8] C. Dossal, E. Le Pennec, and S. Mallat, “Bandlet image estimation with model selection,” Signal 

Processing, vol. 91, no. 12, pp. 2743-2753, 2011. 

[9] P. Amorim, T. Moraes, D. Fazanaro, J. Silva, and H. Pedrini, “Electroencephalogram signal classification 

based on shearlet and contourlet transforms,” Expert Systems with Applications, vol. 67, pp. 140-147, 2017. 

[10] T. Goldstein and S. Osher, “The split Bregman method for L1-regularized problems,” SIAM Journal on 

Imaging Sciences, vol. 2, no. 2, pp. 323-343, 2009. 

[11] L. Demanet and L. Ying, “Wave atoms and sparsity of oscillatory patterns,” Applied and Computational 

Harmonic Analysis, vol. 23, no. 3, pp. 368-387, 2017. 

[12] S. Osher, Y. Mao, B. Dong, and W. Yin, “Fast linearized Bregman iteration for compressive sensing and 

sparse denoising,” Communications in Mathematical Sciences, vol. 8, no. 1, pp. 93-111, 2010. 

[13] S. Osher, M. Burger, D. Goldfarb, J. Xu, and W. Yin, “An iterative regularization method for total variation-

based image restoration,” Multiscale Modeling & Simulation, vol. 4, no. 2, pp. 460-489, 2005. 

[14] J. Ma, “Improved iterative curvelet thresholding for compressed sensing and measurement,” IEEE Transactions 

on Instrumentation and Measurement, vol. 60, no. 1, pp. 126-136, 2010. 

[15] E. Van Den Berg and M. P. Friedlander, “Probing the Pareto frontier for basis pursuit solutions,” SIAM 

Journal on Scientific Computing, vol. 31, no. 2, pp. 890-912, 2009. 
 

 

Kaiqun Hu  https://orcid.org/0000-0002-5590-2584    
She received her Ph.D. degree from China Agriculture University in 2011. Now she is 
a lecturer in Chongqing Technology and Business University. Her main research 
direction is the technology of computer control and image processing.  
 
 
 
Xin Feng  https://orcid.org/0000-0001-8793-3775  
He received Ph.D. degree in School of Computer Science and Engineering from 
Lanzhou University of Technology in 2012. Since March 2013, he has been teaching 
in the School of Chongqing Technology and Business University. 
 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


